
Disclaimer : This is not the final version of the article. Changes may occur when the manuscript 

is published in its final format.   

 

Biomaterials Connect 

ISSN: 3105-0387 

2026, Vol. 3, Cite as: doi:10.x/journal.x.x.x 

 

 

 

 

 

Review Article 

Digital Twin Applications in Biomaterials Science: Toward Predictive Design and 
Personalized Healthcare 

Amudhavalli Victor*, Rakshita Hari, Habeeba Rihana 

1Department of Pharmaceutical Chemistry, School of Pharmacy, Sathyabama Institute of Science and 
Technology, Jeppiar Nagar, Chennai- 600 119, Tamilnadu, India.   
   

Abstract:    

The term Digital Twin (DT) is widely used in the industry to create digital replicas of real -world systems 
or objects. The active, two-way connection between the digital entity and physical counterpart permits 
for real time updates. DT is the strategic integration of digital technology into all areas of a business or 
organization. It isn't just about upgrading software; it’s a fundamental change in how a business 
operates and delivers value to its customers. 

 Digital Twin technology is emerging as a transformative paradigm in biomaterials science, bridging the 
gap between computational modeling and real-world clinical application. This paper explores the 
integration of DTs to move beyond traditional “one size fits-all” approaches toward predictive design 
and personalized healthcare.  

 It is able to forecast disturbances associated with the operation of the physical object. With the potential 
to transform patient diagnosis and treatment, the apparent uses of DTs in healthcare and medicine are 
very alluring opportunities. However, it is challenging to accomplish the intended purposes due to issues 
like biological heterogeneity, ethical considerations, and technical barriers. Some challenges might be 
lessened by developments in the meta verse, embodied AI agents, and multi-modal deep learning 
techniques. Here, we go over the fundamental ideas behind DTs, the prerequisites for applying them in 
medicine, and their present and future applications in healthcare. In order to promote research in this 
area, we also offer our viewpoint on five characteristics of a healthcare DT system. This review highlights 
how advancing DT maturity will enable a shift from reactive medical interventions to proactive, data- 
driven material engineering, ultimately enhancing patient outcomes and accelerating the translation of 
lab scale innovations to the clinic.  
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Introduction   

Expectations for healthcare services are rising as a result of people's Increased attention on healthy living 
and general well- being due to rapid economic and societal development and rising living standards. To 
address the need for earlier, quicker, more precise, and individualized disease diagnosis and treatment, 
medical professionals are actively investigating novel technologies and approaches. Digital twin 
technology is a cutting -edge strategy with revolutionary possibilities in the medical field. [1-3]. 
 
The term “digital twin” describes the process of creating virtual copies that are mapped to actual systems 
or entities through methods including data integration, sensor updates, and physical modeling. Based on 
their operational data and current status, the models are updated on a regular basis. Digital twins, as 
opposed to static simulations, represent the physical counterpart’s current operational states. Digital twins 
facilitate proactive interventions, system optimization, and well-Informed decision-making by modelling 
and forecasting the state, performance, and possible consequences of a physical system in a virtual setting. 
They can also increase service life. [4-6] Digital twin technology has become widely used as a result of the 
ongoing advancements in information technology, progressively expanding into a number of industries, 
including manufacturing, urban planning, and healthcare [Figure 1]. 
 
 
 
 
 
 
 
 

   

   

Figure.1 Prevalent Healthcare applications of digital twin   

Digital twin technology provides a deeper understanding of body dynamics in the healthcare industry. 
Healthcare professionals can produce accurate virtual representations of organs, system, and even whole 
people by using digital twins. These models can be used to predict how a patient will react to treatment, 
stimulate the course of a disease, and assess the results of medical interventions before they are 
administered to a real patient. As a result, care routes are optimized, individualized treatment plans are 
created, and better decisions are made.  
  
By enabling proactive health interventions and ongoing monitoring based on real time data from the 
virtual model, digital twins also help to improve patient management.  

  

In the medical field the physical object can be used to the patient under study in their actual life, taking 
into account all environmental, lifestyle, physiological, and molecular data over time. As a result, the virtual 
entity is a digital duplicate of the patient or perhaps a virtual environmental that contains numerous digital 
patients.  
 

Device 

Design 

Drug 

Discovery & 

Biomarkers 

Manufacturing Care 

Coordination 
Clinical  

Trials 

Surgical  

Planning 

Wellness Patient Remote Monitoring Hospital 

Management 
Personalized  

Medicine 

Digital Twin in Healthcare 



 

Because these digital copies share traits with the patient, data gathered from the patient can be used to 
forecast and stimulate biological processes or disease states. To enable constant updating of the 
parameters that represent the physical entity's state, the physical and virtual entities interact through a 
physical-to -virtual connection.  
 
A medical DT is essentially a virtual environment in which clinical and medical judgements can be tested 
prior to being implemented in a real patient.    

 

Figure. 2    Digital twin in Drug discovery through clinical trials    

This makes personalized therapy a fascinating possibility by allowing the dynamic modelling of biochemical 
pathways, cells, tissues, diseases, and eventually the entire human body in real time. 
 
By treating the human population as an individual, DTs present special opportunity to give more 
individualized and effective treatments and preventions. It will be necessary to integrate a variety of data, 
including clinical data, real time physiological changes, and an individual’s omics, in order to develop a DT 
in medicine [Figure 2]. For instance, DTs may make it possible to provide a customized, on demand risk 
profile for chronic illnesses, make lifestyle recommendations to reduce these risks, issue alerts for 
preventative diagnostic tests, and provide warnings about imminent health hazards. It will also be feasible 
to predict the effectiveness and likely side effects of a certain medication and assess how each patient will 
react to it. Thus, DTs, are a faithful application of individualized medication. [7-15]. 
  

Digital twin technology uses machine learning algorithms and patient data analysis to enable 
predictive analytics and preventive interventions. Digital twins are able to identify high risk individuals, 
forecast the course of diseases, and suggest preventative actions.  

 
This Proactive approach improves patient safety, long term outcomes, and resource allocation in 
healthcare systems [16]. Therefore, digital twin technology may have the potential to completely 
transform healthcare systems through the use of real time data integration, advanced analytics, and virtual 
simulations.    
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Predictive analytics, training simulation, clinical operations, and patient care can all be enhanced by it. The 
primary focus of this analysis was on how digital twins in healthcare systems can improve patient 
outcomes, operational efficiency, and overall healthcare quality.    

In recent years, engineer’s academics have become more interested in the idea of a digital twin. 
The differences between digital twins and other related ideas are starting to disappear as the fields 
commercial and academic study progress. Initially, the scope of the digital twin encompassed both physical 
and virtual products, along with the connections between them [17].    

 
Rapid developments in big data analysis, sensor technology, communication technology, the internet of 
Things (IoT), [Internet of Things (IoT) is the network of physical objects—"things"— that are embedded 
with sensors, software, and other technologies for the purpose of connecting and exchanging data with 
other devices and systems over the internet.] and simulation technology have led to an evolution of this 
idea [18]. Significant research on digital twins has been spurred by this growth.   

Applications in fields like health and well-being were introduces when the term digital twin” was 
later reinterpreted as a digital counterpart of a living or nonliving physical entity [19]. A digital twin is a 
dynamic notion that represents a virtual representation of human organs, tissues, cells, or 
microenvironments that continuously adjusts to changes in real- time data and forecasts related future 
events [20]. But thank to new technology, a digital twin is more than a just a digital model connected to 
its real-world counterpart. Through   a closed-loop interaction between the digital twin and its 
surroundings, it becomes a sentient, intelligent, and evolving model that can continuously forecast future 
states, including defects, damages, and failures, and optimize processes.   

 
 In general, the technologies required for digital twins fall into two categories: one incorporates data and 
knowledge from several scales into mechanical model, and the other uses a data driven statistical model 
[21,22]. The numerical model computes structural performance, while the analytical model aids structural 
analysis real time structural insights are extracted from sensor data by an artificial intelligence (AI) model 
that has been trained using numerical data and samples. AI or Artificial Intelligence refers to the simulation 
of human intelligence by machines, especially computer systems. It involves the creation of algorithms 
that allow computers to perform tasks that typically require human cognition, such as learning, reasoning, 
and problem-solving. 
 
Giant companies have adopted digital twins to boost production and identify issues since they are 
drastically altering several industries.  The healthcare industry is also embracing this revolutionary 
technology. In this regard, patients can be treated by digital twins as virtualized, stand-alone resources 
that can be used in a variety of healthcare situations [23, 24]. This possibility has a great deal of promise 
for enhancing hospital and individual patient care and diagnosis.    
 
A digital twin as used in healthcare, is a computerized model of a real-world item or process, such as a 
patient, their body, or a hospital setting. The development of core technologies like the Internet of Things 
and artificial intelligence (AI), along with the availability of an increasing range of precise and easily 
accessible data types (from behavioral and biometric data to emotional, cognitive, and psychological 
insights), have sparked increased interest and investigation in the study and potential applications of digital 
twins in the healthcare industry [25]. Digital twin technology has the potential to significantly enhance 
patient care through the use of real- time data integration, advanced analytics, and tailored insights.    



 

Electronic health records (EHRs), wearable technology, medical devices, and genetic data are just a few of 
the sources of patient data that these tools can help healthcare providers collect and analyze [26]. Digital 
twins provide a comprehensive picture of the patient by combining and evaluating this data, enabling 
medical practitioners to create individualized treatment regimens [17,20,27]. Improved treatment 
outcomes and patient satisfaction are the results of this strategy, which takes into account the unique 
characteristics of each patient, medical history, genetic factors, and real time physiological data to 
customize therapies and drugs to the patient’s needs [28-30]. 
    
Digital twins could assist medical personnel in making accurate and quick diagnosis [31]. Digital twins can 
help with differential diagnosis and the identification of patterns that conventional diagnostic methods 
alone might miss by simulating different diagnostic scenarios through the analysis of patient data and 
symptoms [26,32].  This leads to more effective and focused treatments by increasing diagnostic accuracy, 
decreasing errors, and facilitating earlier intervention. Continuous patient monitoring is made possible by 
the combination of digital twins with real time data from wearable technology, remote monitoring 
systems, and Internet of Things devices [33]. Digital twins can identify early indicators of decline or 
abnormalities by continuously monitoring vital signs, physiological parameters, and other health-related 
data. This makes it possible for medical professionals to take preemptive measures, avoid difficulties, and 
enhance treatment regimens. Patient with chronic illness benefit most from real-time monitoring by digital 
twins, which allows for remote patient management and lessens the need for frequent hospital visits   

[26,34,35]   

 Patients can take an active role in their own care with the help of digital twins [36]. Patients can take a 
more active role in their own health management by having access to their digital twin data, which 
includes treatment plans, lifestyle changes, and self-management techniques are the results of this 
enhanced engagement [37]. Additionally, digital twins can help patients and healthcare professionals 
communicate and work together, which encourages shared decision-making and patient-centered care 
[38].   

To predict the course of a disease and the results of treatment, these technologies can make use of 
machine learning algorithms and predictive analytics [28]. Digital twins can detect high- risk individuals, 
forecast possible issues, and suggest preventive steps by examining patient data and historical trends. In 
the end, this proactive approach to care improves patient safety and long-term results by enabling 
healthcare providers to prevent adverse events, optimize treatment plans based on anticipated patient 
responses, and intervene early [39].    
 
Digital twins can facilitate seamless continuity of care by securely sharing patient data across various 
healthcare settings and providers [35]. By guaranteeing that all participating medical providers have access 
to the most current and thorough patient data, this promotes coordinated treatment, minimizes test 
duplication, and lowers medical errors. Digital twins may help healthcare teams collaborate and 
communicate more effectively, which would improve patient care overall [38, 40].    
 
Digital twin technology for identification of health hazards   

Digital twin technology has enormous promise for predictive analytics and preventative healthcare 
interventions because of its capacity to combine real time data with sophisticated analytics. Digital twins 
can anticipate the course of diseases, identify possible health hazards, and facilitate preemptive therapies 



 

by utilizing patient data, machine learning algorithms, and predictive modeling [17].   S. Talu discussed the 
significance of Texture analysis methods for the characterization of biological and medical images [41]. 
A holistic view of an individual’s health can be fostered by integrating and evaluating a wide range of 
patient data, such a medical history, lifestyle factors, genetic information, and real-time physiological data 
[34].   
   
Digital twins can pattern correlations and anomalies in the data by using machine learning algorithms and 
advanced analytics. This could make it possible for medical practitioners to identify health risks early on, 
such as the emergence of chronic illnesses, drug side effects, or possible complications.   
  
Effective mitigation or management of these hazards is made possible by early detection, which permits 
prompt interventions and preventive measures [42]. Using patient information and past patterns, digital 
twins can model the course of a disease [20]. Digital twins can create predictive models to predict the 
course of a disease by examining patterns, treatment results, and patient characteristics. Healthcare 
professionals can use this knowledge to predict possible side effects, modify treatment regimens, and 
enhance treatments to halt or reduce the progression of disease.  By taking into account the unique 
characteristics of each patient, including their genetic makeup, lifestyle, and response histories, digital 
twins enable individualized disease modelling, which produces more precise forecasts and specialized 
treatments [43]. Digital twins can help with risk stratification by classifying patients into different risk 
groups based on their health information and prediction models [44].   
 
Healthcare professionals can more effectively allocate resources, concentrate on preventive treatments, 
and put focused initiatives into action by identifying high-risk individuals. Digital twins offer valuable 
information on which patients are most likely to benefit from particular interventions, lifestyle changes, 
early screenings or preventive measures. This focused strategy lowers expenses, improves patient 
outcomes, and better allocates healthcare resources [45]. By instantly warning medical professionals of 
possible health hazards, digital twins might facilitate proactive treatments and preventive care [46]. Digital 
twins can discover early warning indicators, detect changes from normal health parameters, and initiate 
timely interventions by continuously monitoring patient data. Digital twin based preventive care involves 
lifestyle changes, medication adherence support, screening reminders, and individualized health 
recommendations [44].   
 
Disease prevalence patterns by using predictive analytics on this data. With the use of digital twins, medical 
professionals can create population-level preventive measures and targeted interventions, including 
community- based interventions, immunization campaigns and public health campaigns. Preventing illness 
start, enhancing health outcomes, and lessening the overall strain on the healthcare system are the goals 
of the population health strategy [47,48]. 
   
DT in clinical bottlenecks and its optimization   

There is a lot of promise for improving clinical operations in healthcare systems with digital twin 
technologies. Digital twins allow healthcare providers to better allocate resources, analyze and optimize 
workflows, and increase operational efficiency by building virtual versions of physical systems and 
incorporating real-time data [31]. Digital twins give healthcare providers a comprehensive view of the 
clinical workflow, allowing them to evaluate and improve procedures. Digital twins give healthcare 
providers a comprehensive view of the clinical workflow, allowing them to evaluate and improve 
procedures. Digital twins identify bottlenecks, inefficiencies, and places for development by integrating 



 

data from many sources, such as administrative systems, medical devices and electronic health records 
[27].      
 
Healthcare practitioners can improve clinical operations overall efficiency by streamlining workflows and 
eliminating unnecessary tasks thanks to this analysis.   

 

By examining patient data, past trends, and current information, digital twins help healthcare systems 
optimize resource allocation by providing insights into patient volumes, demand patterns, and resource 
use [49]. This makes it possible for healthcare professionals to efficiently distribute personnel, tools, and 
facilities, guaranteeing maximum use and cutting down on wait times. Additionally, digital twins help with 
capacity planning, which enables healthcare institutions to foresee future needs and make well informed 
choices about expansions and resource investments. Digital twins may help with operational decision-
making through machine learning algorithms and predictive analytics. In order to predict future operating 
scenarios, they examine data from multiple sources, including patient flow, staffing levels, and equipment 
usage [16]. 
 
In order to maximize resource usage and enhance patient care, this empowers healthcare practitioners to 
take proactive measures including postponing procedures, optimizing bed allocation, and modifying 
staffing schedules [16]. 
     
Digital twins can quickly detect departures from expected norms and trigger alerts by tracking key 
performance indicators, patient flow, and operational data [50, 51].  

  

This reduces interruptions and guarantees seamless operations by enabling healthcare professionals to 
quickly handle problems like equipment failures, staffing shortages, or patient bottlenecks.   
 
In clinical operations, digital twins can increase patient safety and assist with quality improvement projects 
[52]. Digital twins assist in pinpointing areas for improvement by examining data on bad occurrences, near 
misses, and process variations. Digital twins can be used by healthcare providers to standardize 
procedures, apply evidence-based practices, and keep an eye on protocol compliance. This improves 
patient safety throughout clinical operations, lowers error, and cultivates a culture of continuous 
improvement.    
 
Digital twins create a shared virtual platform that facilitates communication and collaboration between 
different departments and healthcare professionals. This technology improves communication 
procedures, enables collaboration on patient care plans, and allows real -time data sharing [49, 53]. 
      
Digital twins facilitate real time data exchange, teamwork on patient care plans, and efficient 
communication by offering a shared virtual platform. In the end, this results in more effective clinical 
operations and better patient outcomes by strengthening interdisciplinary teamwork, decreasing delays, 
and improving care coordination. Clinical processes can be continuously monitored and improved 
iteratively with the help of digital twins. Digital twins offer insights into operational performance over time 
through ongoing data collection and analysis. Based on real time feedback, healthcare providers can 
evaluate the effects of process modifications, spot trends, and iteratively improve operations. Healthcare 
businesses can eliminate inefficiencies, adjust to changing needs, and continuously enhance clinical 
operations with this iterative improvement method.     



 

 
Digital twin technology and its sophisticated simulations   

In healthcare industry, digital twin technology can present beneficial training and simulation opportunities 
[54]. Digital twins give healthcare workers a safe and realistic setting in which   to practice difficult 
operations, develop their abilities, and make better decisions by building virtual versions of actual systems 
that are combined with real time data and sophisticated simulations.   
The role of digital twins in healthcare training and simulation is examined in this section [55].    

Surgeons and other medical professionals can practice and improve their surgical abilities in a simulated 
setting by using digital twins [56]. Surgeons can test various techniques, obtain practical experience, and 
hone their skills without endangering actual patients by using digital twins to simulate various scenarios 
and replicate surgical procedures. Hand-eye coordination, surgical skills, and decision-making abilities are 
all improved by this immersive training, which eventually improves patient outcomes and safety.   

 

Digital twins can give medical experts a platform to model different medical treatments [17].  Digital twins 
can mimic procedures and help medical professionals practice and improve their methods, whether they 
are invasive or non-invasive. This includes catheter insertions, Ultrasound guided treatments, and more. 
By providing a realistic virtual environment, digital twins help healthcare professionals gain confidence, 
enhance their procedural skills, and ensure patient safety during actual surgeries. 
   
Thus, these materials may be particularly useful for training healthcare professionals on emergency 
response situations [57] by simulating significant occurrences, such as cardiac arrests, trauma scenarios, 
or mass causality catastrophes, digital twins allow healthcare professionals to practice their response skills, 
teamwork and decision-making under high-stress situations. In real-world emergency situations, they will 
be more capable of handling crises, improving teamwork, and optimizing patients’ outcomes thanks to 
this training.  
 
Medical personnel can develop and hone clinical decision-making abilities by using digital twins to help 
simulate complex clinical circumstances. By merging patient data, medical history, and real time 
monitoring information, digital twins provide medical professionals with real-world examples to study, 
diagnose, and develop treatment plans. With the aid of these interactive simulations, which provides a 
worthwhile educational experience, healthcare professionals can enhance their diagnostic reasoning, 
consider several treatment choices, and make well-informed judgements in a risk-free environment.   
      

Physical Entity       Mechanism Endpoint   

Lung       Runs simulations of blood and Foresee ventilation necessities oxygen 
flow   



 

Heart       Simulates the structure and Customization and optimization of 
physiologic function of the heart cardiac strategies   

Heart       Simulates  the  structure  and Cardiac resynchronization 
physiologic function of the heart   

Heart       simulated TAVR implantations  Surgical planning   

with different aortic prosthesis   

Spine       Predict Vertebral Fracture after Optimal radiation plan to minimize 
treatment side effects Stereotactic Body   

Radiotherapy   

Alzheimer’s 
disease   

    Predicting the individual outcome DT of controls of clinical trial and in 
neurological diseases ultimately clinical interventions   

Breast lesions   Image based virtual patients Determine which imaging tool is 
comparing digital mammography better at detecting breast lesions to 
tomosynthesis   

Oropharyngeal     

cancer   

Optimal treatment selection Determine optimal treatment plan for 
oropharyngeal cancer   

Type 2 Diabetes     Disease reversal in type 2 diabetes   Randomized  control  trial 
examining  twin  precision 
treatment vs. standard of care   

Mental health        Wellness   



 

Pharma Lab        Optimize drug manufacturing   

Biomanufacturing    Adjust input conditions Key and   

Critical Process   

Parameters   

Predictive biomanufacturing   

Drug Discovery        Drug Discovery   

Hospitals      

   

   Earlier response times for critical 
patients, supply chain organization, 
plan   

Table.1. Classes of Digital Twin in healthcare (Reproduced from [58])   

Digital twins offer a common virtual platform for interprofessional cooperation and communication, 
facilitating effective collaboration amongst healthcare professionals from many disciples [59]. With 
digital twins, healthcare professionals may effectively coordinate patient care, communicate and engage 
in interdisciplinary teamwork. 
   
This enhances patient outcomes, fosters teamwork, and broadens awareness of each professional’s role 
by ensuring comprehensive and coordinated care.   

 

Healthcare professionals may find a platform for continuous professional development through the use of 
digital twins [Table.1]. Self-paced learning and ongoing training promote lifetime learning, enhance 
professional growth, and ensure that healthcare professionals are prepared to deliver high quality 
treatment. 

Digital twins can also be a helpful tool for healthcare innovation and research [58, 60]. Researchers can 
use digital twins for hypothesis testing, experimentation, and data analysis.   

These technologies enable researchers to simulate different patient demographics, treatment modalities, 
and sickness situations to generate insights that could drive evidence-based practices and innovation in 
healthcare.     

Conclusion   

In conclusion, digital twin technology holds great promise for enhancing patient care and revolutionizing 
healthcare systems.BY combining real-time data, advanced analytics, and virtual simulations, digital twins 
offer personalized treatment plans, predictive analytics, improved clinical operations, and immersive 



 

training opportunities. Medical professionals may monitor patients in real time, make accurate diagnoses, 
and take preemptive action to avoid unfavorable outcomes thanks to digital twins.      
Additionally, it encourages cooperative decision-making between patients and healthcare professionals 
and empowers people to actively engage in their own care.   

 

Furthermore, digital twins increase operational efficiency, enhance resource allocation, and streamline 
operations in healthcare systems. The healthcare industry stands to gain much from the use of digital twin 
technology, which could result in notable advancements in patient outcomes, safety, and innovation. 
Problems with data privacy, interoperability, data quality, ethics, resource intensity, workflow integration, 
validation, education, scalability, and cultural shifts must be addressed, however, if it is to be successfully 
deployed.   
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